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Abstract

Artificial Intelligence (AI) education is increasingly important, yet
adults outside higher education receive less attention. We report a
case study of an Al education session with 54 adults (48 in-person
and 6 virtual) in a predominantly African American community
on the east side of a major Midwestern city. We ask: “What does
Al education for adults outside formal educational systems look
like in practice?” and “What does this Al education session reveal
about Al literacy at the community level?” Through a co-designed
session developed with community partners, we found that con-
cerns about Al persisted but shifted to specific, locally grounded
questions about Al design and deployment. We also discuss Al
literacy from a community capacity perspective and argue for Al
literacy frameworks grounded in local community contexts that
strengthen community capacity.
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1 Introduction

Artificial Intelligence (AI) promises to transform society by im-
proving employment [4], education [18], and healthcare [9]. As AI
becomes pervasive and fundamental in everyday lives, Al educa-
tion has become essential, not only for Al professionals but also for
the public. Helping the broader public understand Al is becoming
an increasingly significant topic. However, current Al education
efforts cover an uneven population. According to a scoping liter-
ature review [12], most existing programs focus on students and
professionals, paying less attention to adults outside educational
systems. Moreover, most Al education frameworks tend to define
Al literacy as technical competencies, productivity proficiencies,
and professional skills [14-16], which pays less attention to the
situated and contextualized scenarios of Al education.

Current CSCW studies have pointed out that, when understand-
ing technology literacy and knowledge, educators and researchers
need to take factors like social relationships and power dynam-
ics into consideration [1], especially at the community level [13].
Therefore, there remain gaps in both the populations covered by Al
education and the understanding of Al literacy at the community
level. To build on this line of CSCW research and address these
gaps, our work reports a case study of a co-designed Al education
session for adults outside educational systems in a local community,
guided by the following research questions:

RQ1: What does Al education for adults outside formal educa-
tional systems look like in practice?

RQ2: What does this Al education session reveal about Al literacy
at the community level?
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We explore this question in a predominantly African American
community on the east side of a major Midwestern city. We took
a community-based approach and co-designed the Al education
session with the community partners. We consider Al education not
as a passive process of delivering knowledge, but an interactive pro-
cess of understanding one another [5, 8, 10]. The education session
emphasized accessibility, local culture, and conversational learning.
By conducting pre- and post- surveys and interactive polling data,
we found that community members showed concerns about Al and
the concerns remained after the session but became specific
and actionable. Inspired by prior work, we discuss Al literacy with
community capacity research and [3, 6] and argue for Al education
approaches that are grounded in and designed for community ca-
pacity. We emphasize that Al literacy should resist a generic,
top-down framing and instead be grounded in community
context, recognizing that community members themselves
should hold the power to define what AI means, where it fits
into their lives, and what it can do for them.

Our contributions include: (1) A community-informed approach
for co-designing an Al education session, including key decisions
made; (2) Empirical results outlining community member atten-
dees’ initial feedback of the session, as well as their understanding,
perceptions, concerns, and desires for Al technology; (3) Analytical
discussion of understanding Al literacy from the community capac-
ity perspective; and (4) Implications for future community-centered
Al education efforts.

2 Background Context and Community
Partnership

The site comprises two local community organizations on the east
side of a major Midwestern city with more than 500,000 people.
It has a rich heritage of diverse cultures and architecture. It also
has a history of industrial rise and decline, causing local commu-
nities to face persistent challenges in employment, infrastructure,
and access to resources, especially technological ones. Further, the
city has had a long history of suffering from systemic racism, and
these industrial and economic transformations have led to chal-
lenges, especially in African American communities. The two local
community organizations serve communities that have historically
experienced economic and social instability, exclusion, and limited
voice in technology deployment decision-making.

The research team and two community-based organizations have
been maintaining a collaborative relationship with the communities
for over a decade. They have worked together on community-based
research projects on employment, entrepreneurship, and commu-
nity digital capacity. As Al becomes prevalent, the community part-
ners and the team noticed that a core concern among community
partners and members was the emergence of Al and its expected
disruption to society. The research team and the community part-
ners worked together to better understand AI's emerging role in
society and within the community. Therefore, the research team
and community partners envisioned an initial education session
about AL
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Which image is Al-generated?

(a) Game: AI For Oceans (b) AI Image vs Real Image

Figure 1: Educational Content Design for the Session

3 Co-Designing the Al Education Through A
Community-based Approach

The research team and the community partners decided to co-design
an Al education session. For the particular session, we set two
primary goals: (1) To understand the baseline understanding of Al
among community members, recognizing that community members
more than likely had highly varied prior exposure to familiarity
with AL (2) To surface community members’ interests, concerns,
questions, and desires related to AL

3.1 Co-creating the Education Session

During this stage, the research team and the community partner
organizations met regularly to discuss the content of the materials.
The research team started by developing the slides and finding
interactive activities based on feedback from community partners.
The research team then presented the initial draft to the community
partners for feedback. After several rounds of feedback and revision,
the research team finalized the materials. The key decisions made
(as well as the key values surfaced) during this stage include:

Balanced Topics. Balanced topics equipped community mem-
bers with a more comprehensive mental map of Al To avoid mis-
representation of Al and its impact, our content included (1) a
comprehensive set of Al topics covering both positive and negative
sides of Al and (2) a series of prompt questions on attendees’ various
perceptions of Al like desires, concerns, and interests. The balanced
topics were driven by the understanding that community members
could encounter Al in any scenario; therefore, the educational mate-
rials, like the topics, should reflect this variety. By presenting both
the positive and negative sides of AI comprehensively, the session
avoided influencing community members’ own judgments of Al
and from coming across as overly negative or positive.

Conceptual Grounding. The community partners suggested
using educational materials suitable for a general audience without
prior Al expertise to lower cognitive barriers. The research team
assembled a set of materials that consisted of less technical details,
such as explanatory videos and interactive games from educational
institutions. For example, we adopted "Al for Oceans (See Figure-1a)
1" from Code.org, an interactive educational activity for 8-year-old
or older students. It uses a game-like scenario to show core concepts
like Al, data, training, biases, and the impact of data quality on Al
outcomes.

Local Relevance. Local relevance leveraged the community’s
existing sense of community as a learning resource. Community
partners also emphasized making the examples and demonstrations
more relevant to attendees’ everyday lives and/or family contexts.

!https://studio.code.org/courses/oceans/units/1/lessons/1/levels/1
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One of the community partners suggested including deepfake mate-
rial and discussing how Al can both generate images and replicate
voices, given the community partner’s knowledge of scams and
community members’ fears. Therefore, we designed an interactive
poll on identifying Al fake images versus real images. In this activ-
ity, in addition to animals (See Figure-1b), we also used some local
landscapes (local stadium) to make the examples more relevant to
the audience.

Dialogical Learning. To make sure community members had
better learning experiences, we avoided a lecture-style session in
which the speaker did most of the talking; instead, we intentionally
divided the session into multiple sections that allowed attendees
to freely ask questions, share experiences, and discuss their under-
standings. We treated members as co-producers of Al understanding
rather than recipients of expert knowledge.

In addition to the three core decisions, we also ensured: Ap-
proachable Communication: making content accessible (at an
8th-grade reading level) and avoiding technical terms; Ongoing En-
gagement: allowing attendees to provide feedback and follow-up
options for future contact; and Inclusive Participation: support-
ing both in-person and online options, collecting feedback from
both paper and digital surveys.

Therefore, this co-created education session ensured its content
was community-based, empowering, supporting, and encourag-
ing community members to share experiences, perceptions, and
questions [5]. Both research and community teams approached
the session thoughtfully, requiring careful adaptation to a commu-
nity setting rather than academic classrooms. Our goal was not
to focus on technical proficiency but to create a supportive and
educational environment that fosters understanding, critical reflec-
tion, and agency in continuous learning, because many community
members encounter Al primarily through everyday, high-stakes
contexts rather than formal technical training.

3.2 Co-hosting the Education Session

The education session was not only the implementation of the
education materials but also an organized event that focused on
equalizing access to resources for each community member. Event
activities were carefully planned and organized to ensure that all
attendees were respected, understood, heard, and empowered. Ses-
sion details were carefully discussed to ensure community members
could attend and participate. Time: community partners recom-
mended starting around 5:30 PM to avoid conflicts with the majority
of community members’ working hours. Location: The session was
held at a local community center familiar to community members,
rather than at the university, to reduce excessive travel and ensure
a safe, familiar space for learning. Transportation: Attendees who
needed transportation were also provided with free rides. Hybrid
Session: Presentation settings (including both online and offline)
ensured that attendees could comfortably and conveniently listen,
watch, and discuss. Refreshments and Family Support: Food
and drinks were provided, and community members who brought
their children were provided with sketchbooks.

All session activities were organized to support reflection, un-
derstanding, interaction, and learning. The session began with a
sign-in sheet and a pre-session survey to understand attendees’
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prior experiences with and perceptions of Al The session was
equipped with multiple microphones and a large television screen
so everyone could see the slides, and it was recorded. The session
concluded with a post-survey focused on changes in understand-
ing of Al Forty-eight people attended in person, and six people
attended virtually via Zoom. The research team and the community
partners served as facilitators during the session. A member of
the research team presented slides that provided an overview of
the work’s purpose, the funders, and the aforementioned activities
(e.g., videos and interactive activities). Three research assistants
helped facilitate the session by observing who had questions, pass-
ing around the microphones as needed, assisting with surveys, and
providing support to people who needed accessibility assistance.
One member of the research team was also online to facilitate online
participants.

4 Session Feedback

We collected attendees’ feedback throughout the session: surveys
at the beginning and end of the session, interactive polling dur-
ing the session, facilitators’ observation notes, and reflections with
community partners alongside corresponding notes. In total, 25 par-
ticipants provided demographic information 2: 17 participants iden-
tified as female and 4 as male; 17 identified as African American or
Black, with one participant additionally identifying as Black/Brown
and another as African American/Irish; and attendees represented
diverse educational backgrounds, including 10 with college-level
education, 8 with some college experience, and 6 with a high school
education or less.

Pre and Post Session Surveys. In the pre-survey, attendees’
responses showed broad and generalized concerns about Al in-
cluding skepticism about trustworthiness (71%), fears of large-scale
societal harm (74%), distrust of technology companies’ ability to
self-regulate (76%), and worries about privacy (75%). In addition,
attendees expressed their interest in learning more about Al In
addition to how Al works (76%), attendees were interested in how
Al impacts various aspects related to their lives, like privacy (62%),
jobs (62%), and everyday life (51%). After the session, community
members continued to express many of these same concerns. How-
ever, we noticed some emotional change between pre- and post-
survey results, e.g., curiosity (71% to 50%). Also, post-session survey
responses showed greater specificity and grounding in concrete
issues discussed during the session. For example, attendees said
they learned "having to use Al is inevitable. Al is human-trained,’
and "How to identify Al images." They also reported increased con-
fidence in their understanding of Al, particularly in distinguishing
between types of Al applications and recognizing where human
decisions shape Al systems. For instance, the response to “don’t
know/not familiar enough to say (about AI)” dropped from 23% in
the pre-survey to 0% in the post-survey. These patterns suggested
that while the session did not fundamentally alter community mem-
bers’ underlying concerns about Al, it supported a shift from ab-
stract unease to more articulated, specific, and actionable forms of
understanding.

2Demographic questions were optional, as we wanted to make the session feel more
like a community gathering than a formal training program
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Interactive Polling. The interactive polling began with open-
ended questions asking attendees about their first impression of AL
The feedback on the questions surfaced a range of responses, includ-
ing concerns about job loss (e.g., "Concerned about how AI works,
and what qualifications should you have to be able to program it"),
surveillance and privacy ("It sounds more like the government gets
more control"), and confusion about Al and its application (e.g.,
"I don’t understand what it is yet"). These responses highlighted
uneven Al familiarity across attendees and helped facilitators ad-
just explanations and discussion in real time. Later polling ques-
tions introduced concrete examples, including a game-like activity
where attendees were asked to determine whether images were
Al-generated or not. Attendees correctly identified AI-generated
images in 82% of responses and also explain their rationales. For ex-
ample, when identifying frogs (See Figure 1b), one person thought
the Al-generated image was real because the background looked
like the frog’s “rightful habitat,” unlike the plain green background
in the other image. Another thought the real image was real because
of its eyes. Another thought the Al-generated image was Al because
it was “too perfect”, had a “glow” to it, and there was something “off”
with the colors. Also, the observation notes showed that attendees
show strong interests in engaging in such activities because the
examples used are based on local items (e.g., local landscape, sports
teams). To conclude, the polling activities served as a scaffold for
discussion instead of a measurement tool. By prompting attendees
to externalize uncertainty and reasoning, polling helped create a
shared learning space where participants could build understanding
collectively rather than being evaluated on correctness.

5 Discussion

By presenting a community-informed approach for co-designing
an Al education session, we answered "What does Al education for
adults outside formal educational systems look like in practice?"
and "What does this Al education session reveal about Al literacy at
the community level?". Next, we discuss this case with prior work
and provide discussions and implications.

First, this education session suggests the need to reconsider Al
literacy as community capacity. Prior work has pointed out that
dominant Al literacy frameworks often emphasize technical compe-
tencies, individual skill acquisition, or workforce readiness [2, 14],
assumptions that may not align with the lived experiences of people
outside educational institutions [11]. In our study, we used concrete
examples to show that for local community members, Al literacy
was less about mastering tools or technical mechanisms, but more
about developing the capacity, especially at the community level,
to recognize Al in everyday contexts, critically interpret its outputs,
articulate concerns and expectations, and make informed decisions.
Prior work [3, 6] defines community capacity as the collection
and interplay among human, organizational, and social resources
that enable a community to recognize and address problems. Our
work also aligns with prior CHI and CSCW literature [5, 19], call-
ing out the importance of the environment and approach of such
sessions, not only the instructional content. We were intentional
about creating a supportive, inclusive, and safe space for learn-
ing. We summarize these considerations into two categories: (1)
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participation-driven environment settings, which cover considera-
tions of time, location, hybrid, transportation, and room arrange-
ment to accommodate community members’ everyday life routines,
family background, neighborhood condition, financial situation,
and accessibility needs; (2) voice-oriented event settings, which
include a large variety of activities like surveys, interactive polling,
and in-session discussion (also supported by a comprehensive set of
technology that could document feedback), that understand, com-
municate, and empower community members’ voices. These two
categories build community capacity at the individual access level
and the community interpretation level.

Second, moving beyond considering Al literacy as community
capacity, we argue that teaching Al in community contexts de-
mands explicit recognition of power dynamics embedded in both
technology and education. Prior research has shown that the stance
of introductory material on AI affects the audience’s long-term
judgment of it [17]. Therefore, the research team also needs a clear
position when introducing Al to the community. Rather than fram-
ing Al as inherently (or only) beneficial or harmful, the session in-
tentionally surfaced tensions between utility and risk and promise
and harm, aligning with CHI and CSCW scholarship, which cri-
tiques techno-solutionist narratives and calls for making power,
accountability, and harm visible in Al systems [17]. The education
session adopted interactive, context-aware pedagogical strategies
inspired by community partners’ suggestions, which later proved
engaging and effective. Activities like WooClap polls and presen-
tation of Al images of local landmarks sparked rich discussions.
Considering that many attendees enjoyed the informal discussion
during the session, our interactive approach also supports prior
work arguing for valuing conversational, embodied, and collective
forms of engagement alongside quantitative interaction metrics
(such as the number of survey responses) [8].

Third, these insights suggest several implications for future re-
search and practice in community-centered Al education. (1) Future
work should move beyond the technical skill-centric implications
of Al literacy and develop frameworks, measures, and interventions
that are explicitly grounded in specific populations, especially those
who have not been the primary focus in prior work. This should
include examining Al literacy as a collective and community-level
capacity (rather than solely an individual competency) [6, 7, 10],
and designing evaluation methods that capture critical awareness,
sense-making, and decision-making (rather than technical mastery
alone). (2) Researchers and practitioners should treat the creation
of supportive, inclusive, and safe learning environments [5] as a
core design problem rather than a logistical afterthought, systemati-
cally studying how participation-driven and voice-oriented settings
shape engagement, trust, and learning outcomes over time. (3) Fu-
ture Al education initiatives should continue to experiment with
pedagogical approaches that foreground power, accountability, and
local relevance, using interactive and situated strategies to surface
tensions and foster communication (rather than promote simplified
narratives of Al).
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A APPENDIX: Survey Question Examples

Q1. Please state your level of agreement with the following statements about the future of Al and its impact on society.

Scale: SA = Strongly Agree, A = Agree, SWA = Somewhat Agree, SWD = Somewhat Disagree, D = Disagree, SD = Strongly Disagree, DK = Don’t Know / Not Familiar Enough to Say

SA° A SWA SWD D SD DK

Al can increase efficiency and accuracy in tasks
Al can offer convenience and save time

Al may violate privacy concerns

I trust Al to make reliable decisions

I trust Al to be used ethically

Al may perpetuate bias and discrimination

Q2. Please state your level of agreement with the following statements.

Scale: SA = Strongly Agree, A = Agree, SWA = Somewhat Agree, SWD = Somewhat Disagree, D = Disagree, SD = Strongly Disagree, DK = Don’t Know / Not Familiar Enough to Say

SA° A SWA SWD D SD DK

I am concerned about the reliability of the information provided by Al

I am worried that machines with AI could eventually pose a threat to the
existence of the human race

Technology company executives can’t be trusted to self-regulate the Al industry
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